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Context

• Various measures of “aggregate uncertainty” are negatively
correlated with economic activity

• Does this correlation reflect causality, and if so, which way?

• The latest VAR evidence suggests a complicated relationship

Ludvigson, Ma, Ng (2021):

◦ define uncertainty as conditional volatility of forecast errors,
aggregated across many series (∼Jurado, Ludvigson, Ng, ’15)

◦ distinguish financial from macro uncertainty

◦ financial uncertainty seems to cause declines in production

◦ macro uncertainty seems to be endogenous to level shocks and
does not appear to cause declines in economic activity
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Summary of Results

This paper shows very clearly how sizable macro uncertainty arises
endogenously in a standard labor search model

1. In the DMP model employment is more sensitive to (level)
shocks when unemployment is high to begin with

2. As a result, employment, and hence output, become less
forecastable ⇔ their uncertainty rises

3. But this uncertainty has no teeth: a byproduct of slack in the
labor market, it cannot, on its own, feed back into output

4. Quantitatively, the endogenous mechanism is strong enough
to account for 43% of the variance in uncertainty and for the
entire correlation between output and real uncertainty

5. A recursive identification method that puts uncertainty first
erroneously identifies transmission from uncertainty to output
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Discussion

The paper offers a valuable, concrete, thorough contribution

My discussion is geared toward where we can go from here

I will focus on

1. The mechanism

2. Implications

3. Types of uncertainty



Mechanism

• Consider a positive productivity shock in the DMP model.

A higher unemployment state

(a) dampens the increase in the mg cost of hiring ⇒ increases
responsiveness of vacancies (and hence emplt) to the shock

vt+1 =

(
ξ

κ

) 1
φ

· ust+1 · λ
1
φ

n,t+1

(b) increases the match rate ⇒ increases sensitivity of
employment to vacancies

nt+1 = (1− s̄) nt + ξ · (ust+1)
φ · v1−φ

t+1

⇒ Employment is more sensitive to level shocks

nt+1 = (1− s̄)nt +

(
ξ

κ1−φ

) 1
φ

· ust+1 · λ
1−φ

φ

n,t+1︸ ︷︷ ︸
new matches
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Comment 1 – Validating the Mechanism

• The model predicts state-dependence in the response of
employment to shocks to the value of a new hire

• One could test this prediction empirically

• One possibility: exploiting cross-sectional heterogeneity

◦ For example, high-skill vs. low-skill workers or regional
differences in unemployment rates

◦ But tricky: structural differences likely affect both long-run
unemployment and short-run sensitivity to shocks

• Another possibility: exploiting aggregate shocks

◦ Consider plotting the response of employment to monetary
policy shocks in different aggregate unemployment states
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Comment 2 – Broader Implications

• Once you make the link from state-dependence to endogenous
uncertainty, it becomes clear that any endogenous variable
that has a state-dependent response to exogenous shocks will
also have state-dependent uncertainty



Comment 2 – Broader Implications

• A growing literature empirically documents state-dependence

◦ consumption response to monetary policy shocks is stronger
when mortgage prepayment hazard is high Berger, Milbradt,
Tourre, Vavra (2020); Eichenbaum, Rebelo, Wang (2020);

◦ investment response to m.p. shocks is stronger when
aggregate default risk is low Ottonello & Winberry (2020)

◦ output response to government spending is stronger when
output is low, when economy is at the ELB Auerbach &
Gorodnichenko (2012) (though see Ramey & Zubairy, 2018)

◦ but response to tax cuts is stronger when unemployment is low
Demirel (2021), Sims & Wolff (2018)

◦ and so on...
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Comment 2 – Broader Implications

⇒ Many drivers of endogenous uncertainty, with potentially
conflicting effects

◦ conditional on different shocks

◦ potentially specific to certain series

◦ sensitive to various state variables

⇒ Value to systematizing these effects?



Comment 3 – Quantification

• The fact that high unemployment today leads to higher future
employment variability is clear in the math

• What is perhaps surprising is that the effect of level shocks on
uncertainty is quantitatively big enough to generate
fluctuations and correlations of macro uncertainty of the same
order of magnitude as those seen in the data

• It may be useful to exclude at least correl(Y ,U ) from the list
of targets, to see what you get from an estimation that does
not target it specifically

• Going further, since exogenous uncertainty does not drive
economic activity in your model, you could remove the
uncertainty shocks from the model and remove all
uncertainty-related moments from the targets – again, to
report what the “pure” model implies for uncertainty statistics
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Comment 4 – Amplification

• The paper shows that a model does not “need” amplification
mechanisms from uncertainty to output to match vol(Y ),
vol(U ), or correl(Y ,U ) – Occam’s razor

• Nevertheless, I would stress that this lack of amplification is
not surprising: there is no mechanism in the model that would
allow fluctuations in uncertainty (be it endogenous or
exogenous) to amplify output’s response to the level shock

• Without any such mechanisms, I am not sure the paper
provides standalone support for the hypothesis that macro
uncertainty fluctuations do not feed into real activity, or for
the conclusion that there is little role for policy

• Support for that point rests, in my mind, on the evidence of
Ludvigson et al. (2021)
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Comment 5 – Whose Uncertainty?

• The paper uses the definition of Jurado, Ludvigson,
Ng (2015): uncertainty of a series ≡ conditional volatility of
the forecast error that remains after all the predictable
variation has been removed:

E
[
(yt+h − E [yt+h|It ])2 |It

]
, h > 1

• A very sensible definition. But is anyone in the economy
making forecasts based on the full It?

• Consider Bianchi, Ludvigson, Ma (2021):

◦ use machine learning in data rich environment to construct a
machine-efficient forecast (∼ your forecasts)

◦ then measure deviations of a variety of subjective forecasts
from the machine-efficient forecast
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Comment 5 – Whose Uncertainty?

• Consider the estimated common component of biases for SPF
and Blue Chip GDP forecasts relative to the machine forecast:

Figure: 5. Bianchi, Ludvigson, Ma (2021)

◦ biases are volatile and persistent

⇒ Subjective uncertainty may be more harmful for real activity
than a constructed measure of objective uncertainty
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Conclusion

• A very nice paper, both because of the clarity of its analysis
and contribution, and also because of the avenues for further
research that it opens.
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